HENSEEHRE | 5356/585 a

Advances in Computers and Communications

B IRBES TR R A Ry ¥ SCHRES 1B

SRE B #

BEEFRAIZGSEEIEFER IAES 336000

T E: FhRXAMBEAARBEBZTLAE (NLP) A LM ES, A BENE, FRNLFST P
RARKBEAER, HARE AR AR wEEEENNIRGNALIZE, RES I EH A 24 T R A F4R
X ABREAHK, #HPAZEMNE (RNN) AL TR (LSTM, Bi—LSTM ) i By 5> 245 ok K 3B SR A, f2
BAEBBNGE RN GERAMKERE,; ERMEML (CNN) AHERE ACRAE S AR B B AFIE, 46
15 B AFAE S i it — T 4RI ae, FEROGERPAEER/R; BWHZMNL (GNN) @EHLZMEF EXZRMAAR
X EAB, EXBRAERXFHPOPRS T E, EEMRBRAMTH, SHSAEATF @ KEFIBISK
2 F RSP IARE R IH B 5 AL, o R AT R AR MAC LGRS, R RIRGHE; KiETEA (LLM) 4
By KAAETR I % 5 #R3E 3235 LR A2 LA ), BARER . EHEAY TR T LB P RILT R, S GHHAHK

AEH RS —FRACH A

EHRIF . SAKE AJHIR; RNN; LSTM; CNN; GNN; LLM

515

Tk R ARBGE L R A] AP0 B RE L BELKX AR,
Foin HEME, FREPLEA, MAREF LAY
FPREA RN, BF R, REFIHKG Rk
PR A FARK BRI T AWMk %, RERA
TR B EF R EE R, KRLAARET AT
WRE S M AR K ARG R, AL T R RILIK
S HEAR, EIE P B R R KT G,

—. ETREZINILEXZHMARTER

BEE DRI 7 S BORRY DGR, BT 2R 2% Y 7 18
W R K AU . SEGINEAR, RE S IH
MBA A ERE S, ORI T AT AR AE AR .
28 0 2R AR e i ARG | SRRl i, i )
HORFORIE X, AR T NIRRT, M 1 4
AEREIOA ST FE RO 22 . H TR > I SRR

BEE: IWA#HFTHAETE (GI180852) HFHE ¥
SR B SRR R E T FAEAF R,

1E&E &

o % E (1977.08—), B, Wik, TWHHHEA, M+,
FEHRFTENERIETLE, RFA TR,

w4 (1991.06—), B, Wik, TEFHA, MEHLK
£, TEHRTMEGLE, B,

FRMBOTIRC I E NI, FEALFEIE I 24
MR (RNN ), BRI LMERIAL (CNN), B #iz
KB (GNN), BEA 2 ik D RIE SRR (LLM )
G, IO R SRR T FE AR T

(—) BBYIPZ ML (RNN) FES2A S R Bt
Wi

i R SR 5 2R A L1 o £ X 246 A 70 2 358 1 o 2
R4 (RNN ), 7E F AR5 5 A FE4TUK,  Socher 2 A FF42
P 1 K R O — 3o DR P 22 R 2% ( MV-RNN ) i FH A v
T HHTE S, SRR T30 i A R SOAR (2R
NP S 45 AR 25 A, SRy B AR 40 S0 T o R
TR RAE, XFP B R0E IR T %500 ) AR AR
P B ORI T A R B . SEI A R, %A
RITE SemEval-2010 task 8 #0481 F3CHL T 82.2% 1Y F{H Hh
WO . BRI, R BhIG . o, TR A AT
SRR B GRS EG R, AR ZE S A TR
FePE RS WE R TERE . ST M4 (RNN) A
AR SR g FH v T I A B K T R, U AR AR R K
BB 2 (0 i AP B I B R 58 . X R 4 S B
RS 5 S SR IR BE 1 N R, S22
M fpex — ), KAEEHEIZ M4 (LSTM ) R iz i,
LSTMidE it 51 A “I717 Mk, RIS T . AT TR
TR RIPLE], ) vE iR T 45 RNN UBREG, REIEA

75



B KRB OC R . FELSTM 56 1, BF9E 4]
L AT T B FE AR, Ningthoujam 25 A P4 T —
TRl 35 T S A i) 5 e A 5 AR A LSTMUBR AR, 3 e T B
TP BRI T SRR R R, AE 12B2 5 4E
AR TS S AR

() BRI (CNN) TESA S R AB0 g
Wi

G (CNN) fe)7E BUG AL #8453 T
SR IS, AR E A Y R B A AR TE S AL
FUAT S5 vh . PESCRSC RAMEATIR, Lin% NPFEI1ZAT 5
FERSIAERMAL MY (CNN) Fik, EiBARNL
FEOE, IF Blial B AR UEAT S AL B, AT oKt
T SCHVR Rl B 28 1) 28 BERY - 2 ACE2005 145 4R 1Y 512
Wb AR, Z IR FLER T T 9%, Zeng % N “HE I
et bk — D ook, B R T CNNSE R B2 R 3 1 S
FEOE, JEAER TGO RAE R T 5] AL EAFAE (position
features, PF), HUfF T 5 F MR, Nguyen 25 A% CNN
SERHEAT T AT, 4R T — R 2B RS FAY CNN
BRL, BREES A Z IR UK, 1B AN R K
WrE, NI TH AR THRREES . 5 ZengE A
TEAEL, HAMEREIRTE T 0.1%. 18504 SE R I .

(=) Klpheags (GNN) {Egefe Sahiebr i

BRI 2 2% (GNN ) 78 SCA B b B b Je 3
FRORE, ol g gk, R s B 5 B A HAL
il AEAEA AR SRR R . AHE TR B
Z M4 (CNN) FAEHRM LML (RNN), FE2RLEHR
AR GNN EAT I B 3, R iR e SR 9 G 3R
T 5 P ARsR S, 28T, CNNEARMMIL T E L1
SASCHET ] AR BT AR . 2RISR L
KNS E T . X B AR R Wi sh & k45
{5 BAE VR B o SCRRAR (g 0 FH ) BEFNTR B . #E GNN Y
SEERB A, B2 (GON) PRHE KR
AL ST 1M 4552 X TE . Song 2 N O RIBFFE R, it
KR ARARGE R, T LU S5O DL AT AR I 7 ), S
AT BORS R, SR, AE PR R PR AR —
B JRIBRYE , EARBENS A AL & R A IR, (XS
SR 2R LA BB R A 0 AT A T4 T . BT XX —
PG, BREEEAE S T 2t m %, FuEAD
TR ] T — b 2 T [ 4 B R 45 1 o B s g A o 1, 01
Bk R BILSTM ) 4 5 % 5 GCN MR gt L 25 AH 45
B, ST BRGERRIE Y A B BRI, AR R AT 55

76

(CHETE S C .

(M) A IO R Aob i W

RG22 BB WSS —FRSHILE L,
RN TR o, AT R S HAL R Ty
A FIRFIOC R, 1 e 2 W3 i e ) A v Ty =X A #E 5
RO R, AR SR 5 OC R USR58 5 A1 142 1
T ZMAHE T . Miwa 2 SR T — s 1 0 4 22
Do 25 AR ARY AR A B 1k b 2 A T XL I) LSTM AR 1 45
F (tree—LSTM ) B, BEOSAT M HE SCARFAE RIS
ZERY, BRI, WA LSTM 7 9 2% 7t 5 $hA 7 52 AR 3]
55, 1M tree—LSTM F ¥ 45 W] & 7 F S04 C R, 3
TP e A 18 T (of 545 7 08 ] Bof Ak 38 S AR RN G 2R 15 L.
FEXT AR SE R ITUARNNE, Zheng 25 N 4R T —Fiipi B4
L, ISR TGSk A B . %
J5 AR I A A 22 I g AT e g | A B AR R, R
TET R . AR UL, R B 5 s 50 i in
SR BCSRNT  E Rw, ARAW T ICRCE AR Y+
o, MIMSEIL T HORE A O R AN, X — et b & 48
TR RE R

(1) RSB (LLM ) TE9445% e b

i 3o I A OR o SOE R, RIEH R (LLM)
(0 % R BT T ARG SR FMBU MR . KB AN
IR T LLMAE [ SR 5 A H b 59 7, B 0 b B A R
SEM R BAR PR AL TR 2 . TR PR Y ST R
B, GPT—4 2546030 3 o T 25 3045 0038 8 5 AT, fiE
7 T A AT T B AR5 10 R S A [ 8 B
AR, HAE A GPT-RE B RS i K 56 R M EBUT 55
FA L ), TE FewRel 5UHE4E IS0l T 3601645
WIBHRRL 78% HPEREASF . EAM, Wang 8 AR T—
P T 0K B UM 0 RAMBOT I, ik e
BUEIE, PR B RLGRAE 0935 ORI, I3 i 310G
TR, T T T OC R R e 1

—. #it5RE

AR, IR B 2 2T 1 S A G Z A IURIE 53 A A
B Q37 07 TH IS T L B AR AR
FTRMEM SRR, ZL o B A 3215 % T g
TR Z MR R . BRI, T2 2%
(RNN ) Je oA A58 of B A5 A R0 ke T 9 v 34 )
A BRZ MY (CNN) SCHLT Rk AR FE e, 3
FEHOLE I F 2] I I T T 15 Gt it K ik
MPERBIR I TRUIZRIE 5 AT 55 P 22 I 246 1) R B il



e CRAERE I M B, U HA Y =
T, KiEFHA (LLM ) R B A58 R HE B AE g A (IR %
PSRAT T B R MIBOTRE T AR kA, SR, 4
WFFEAT AT — R EZEPRA . B, BRI S A
FEE NP, IRESUR, BRI RS KRS R
AP HER R AT A BORAR T 2 8] 5 R, A 4T 3 7
RENAFAEWI RJRIR, BUA SRR S | LRl
ARIEHREMGRI L E T &5, ARG
FEEZ AP I H g3 28, RRBIR I R ) SR A 45
P EOUME LU SCHE T 757 il s o I SR 9t ) A
B FTIAEE 5 ISR T . BRSNS L&
e BB T A E I A

S5 30k

[1]Socher R, Huval B, Manning C D, et al. Semantic
compositionality through recursive matrix—vector spaces|C]|//
Proc of Empirical Methods in Natural Language Processing.
2012: 1201—1211.

[2ININGTHOUJAM D, YADAV S,
BHATTACHARYYA P, et al. Relation extraction between
the clinical entities based on the shortest dependency path
based Istm[J]. arXiv: 1903. 09941, 2019.

[3]Liu Chunyang, Sun Wenbo, Chao Wenlan, et al.
Convolution neural network for relation extraction[C]//
Advanced Data Mining and Applications. 2013: 231—242.

[4]ZENG D, LIU K, LAI S, et al. Relation classification
via convolutional deep neural network[C]//Proceedings

of the25th International Conference on Computational

HENSEEHRE | 5356/585 a

Advances in Computers and Communications

Linguistics: Technical Papers, 2014: 2335—2344.

[53]INGUYEN T H, GRISHMAN R. Relation extraction:
perspective from convolutional neural networks[C]//Proceedings
of the 1st Workshop on Vector Space Modeling for Natural
Language Processing, 2015: 39—48.

[6]SONG L, ZHANG Y, GILDEA D, et al. Leveraging
dependency forest for neural medical relation extractionl[J].
arXiv: 1911. 04123, 2019.

[7IFU T J, LI P H, MA W Y. GraphRel: modeling text
as relational graphs for joint entity and relation extraction[C]//
Proceedings of the 57th Annual Meeting of the Association
for Computational Linguistics, 2019: 1409—1418.

[8]Miwa M, Bansal M. End—to—end relation extraction
using LSTMs on sequences and tree structures[C]//Proc of
Meeting of the Association for Computational Linguistics.
2016: 1105—-1116.

[9]Zheng Suncong, Wang Feng, Bao Hongyun, et al.
Joint extraction of entities and relations based on a novel
tagging scheme[C]//Proc of Meeting of the Association for
Computational Linguistics. 2017: 1227—1236.

[10] 3k 2R, Aptk, EiEHA, . &t B F EHhX
RANIR T EAE R[], T EMAFEBIR %, 2024, 18 (03):
574-596.

[11]WANG J X, ZHANG L L, LEE W S, et al. When
phrases meet probabilities: enabling open relation extraction
with cooperating large language models|C]//Proceedings of
the62nd Annual Meeting of the Association for Computational
Linguistics. Stroudsburg: ACL, 2024: 13130—13147.

77



